MEUROCLE

DEEP LEARNING VISION SOFTWARE

MAKING

DEEP LEARNING
VISION TECHNOLOGY
MORE ACCESSIBLE




NEUROCLE

Making Deep Learning Vision Technology
More Accessible

Vision

Product Value

220| HFe Ll 2| g2l HF 7|eS Med 4+
=222 g2l HF 7|52 S8 n2S0| Mgt BE g2
siZets 2ig BE2 BiLich

222 gl 71a2 FRE HIH 2ot H=23tof, ojo|x|
Rl ATEY0{E ol

S AN B2 A5l ool e, DHR wot
Tl DU NS BBE  OfLizt Zat EAK|

4 UEE, 222 T APt el ZEsES
Herst gapg ermelsnt Sl ReHoF 5t S S
QUTRAA oHFIS S e TEERE L
AR FxslE e ABEIC

Partners

TOYOTA

ALEXSOIA H&
MH|AE HMSELTE

[k
o
rr

SI{’(P Panasonic

SIEMENS

ANUO

e
FABER-CASTELL

Making deep learning vision technology more accessible

Awards

- <=

History

2019

About Neurocle

S
~Awards

2021 2022

06

Neurocle Mgl

Classification, Segmentation,
Object Detection X|&

02
T|eisaonA Ml

05

OCR (Optical Character
Recognition) X|2

06
Neuro-T, Neuro-R 2.0 SA|

Anomaly Detection X|€

10

OtAlof 67H= TI= etz (2=,
=, O &7h2 2, B,
22{0[Al0h)

02
TSRS AR Mot
ATEQ THXMEH 2000

2 A% MY

04
Neuro-T, Neuro-R 3.0 SA|
Auto-Labeling 7|5 x|

Flowchart 7| X|&

04 3 05
2021 CHshal=t Q|3 Neuro-X 3.0 EA|
(ImpaCT-ech) CHA £=4k

05
2E RXE40 2HatE

Fast Retraining 7|5 X|¥

06
Auto Deep Learning &12|&

% oY PRt 5532 52

07 %=

Vision Systems Design
Innovators Awards 2021
Silver =4f

m &

Gartner Cool Vender in
Computer Vision 7|4 M
7E 3= TIE &=
(Higats, W, s4ea3)

12
HE7tE gefd HH
AT EL0] Neuro-X EA|



NEUROCLE Making deep learning vision technology more accessible Product Overview
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Our Product, Neuro-T
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NEUROCLE Making deep learning vision technology more accessible Our Product, Neuro-X
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Real-time Inference Engine
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License Overview
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